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Problem
How to select synthetic data?

Real Data

Main results

There exists a deterministic value ℝ(𝔼t, 𝔼s) such that, with high probability,
ℝ(𝔼t, 𝔼s) ≲ R(μ, ∼μ) .

Theorem

Risk only depends on the covariance matrices, and not on the means.

For a fixed 𝔼t it holds that argmin𝔼ℝ(𝔼t, 𝔼) ∥ 𝔼t .

Given a training covariance 𝔼t, optimal to choose synthetic data with 𝔼s ∝ 𝔼t,
 i.e., match the covariances.
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Covariance Matching
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